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Abstract—In this paper, we study the problem of joint power
control and beamforming design for simultaneous wireless information and power transfer (SWIPT) in an amplify-and-forward
(AF) based two-way relaying (TWR) network. The considered
system model consists of two source nodes and a relay node.
Two single-antenna source nodes receive information and energy
simultaneously via power splitting (PS) from the signals sent by
a multi-antenna relay node. Our objective is to maximize the
weighted sum power at the two source nodes subject to quality
of service (QoS) constraints and the transmit power constraints.
However, the joint optimization of the relay beamforming matrix,
the source transmit power and PS ratio is intractable. To ﬁnd a
closed-form solution of the formulated problem, we decouple the
primal problem into two subproblems. In the ﬁrst problem, we
intend to optimize the beamforming vectors for given transmit
powers and PS ratio. In the second subproblem, we optimize
the remaining parameters with obtained beamformers. It is
worth noting that although the corresponding subproblem are
nonconvex, the optimal solution of each subproblem can be found
by using certain techniques. The iterative optimization algorithm
ﬁnally converges. Simulation results verify the effectiveness of the
proposed joint design.

I. I NTRODUCTION
Simultaneous wireless information and power transfer
(SWIPT) is a promising energy harvesting (EH) technique
to prolong the operational time of energy-constrained nodes
in wireless networks [1], [2]. Recently, SWIPT has been
investigated for various wireless channels, e.g., the point-topoint additive white Gaussian noise (AWGN) channel [3], the
frequency selective channels [4], the fading AWGN channel
[5], the multiple-input-multiple-output (MIMO) channel [6],
and the multiple-input-single-output (MISO) broadcast channel [7].
Besides the above studies related to one-hop transmission,
the SWIPT technique has also been extended to wireless
relay networks [8]–[14]. For the one-way single-antenna relay
channel, two protocols, namely time switching (TS) and power
splitting (PS), are proposed for amplify-and-forward (AF)
relay networks in [8], [9]. Later on, SWIPT was extended
to a full-duplex wireless-powered one-way relay channel in
[10], [11], where the data and energy queues of the relay are
updated simultaneously in every time slot. However, compared
with the one-way relaying (OWR), two-way relaying (TWR)
can further improve system spectral efﬁciency, the SWIPT
protocols for TWR channel recently have attracted much
attention. In [12], the authors provided a SWIPT protocol in
two-way AF relaying channels, where two sources exchange

information via an energy harvesting relay node. In [13],
the authors investigated the sum-rate maximization problem
in two-way AF relaying systems, where two source nodes
harvest energy from multiple relay nodes. In [14], the authors
studied the relay beamforming design problem for SWIPT in
a non-regenerative two-way AF multi-antenna relay network.
However, most studies on SWIPT in relay networks focused
on energy-constrained relay nodes [8]–[12]. As a matter
of fact, in some scenarios (such as cellular network), the
terminals are often powered by the energy limited batteries.
How to prolong the operational time of the terminals has
become the issue with the growing of the power consumed
caused by trafﬁc increases. Therefore, EH in such kind of
scenarios is also particularly important as it can provide a
much more convenient solution for charging the batteries of
the terminals or acting as a power source.
In this paper, similar to [13], [14], we consider a two-way
AF SWIPT system with battery-limited source nodes and a
relay node that acts also as a source of energy. However,
the authors in [13] assumed that the source node is able to
decode information and extract power simultaneously, which,
as explained in [6], may not hold in practice. The authors
in [14] assumed the case of separated EH and information
decoding (ID) receivers, which leads to that the system has
become more complicated. In this paper, thanks to the PS
scheme [6], we study a TWR based PS-SWIPT system where
the received signal at the source is split for ID and EH.
In particular, different from [13], [14], our objective is to
maximize the weighted sum power at two source nodes subject
to a given minimum signal-to-interference-and-noise ratio
(SINR) constraint at source nodes and a maximum transmit
power constraint at each node. Since in the cellular networks,
SINR is a important metric for maintaining a given throughput
while maximizing energy transfer of the terminals by the relay.
The latter maximizes the operational time of the terminals
which can be another important metric in the scenarios. To
the authors’ best knowledge, the joint beamforming, power
allocation and PS optimization for this new setup has not been
studied in existing works.
Under the above setup, we ﬁrst propose a two-phase relaying protocol based on PS with the splitting ratio ρ. Next,
for the AF relaying strategy, we formulate the joint optimization as a nonconvex quadratically constrained problem.
For the nonconvex optimization problem, we ﬁnd a solution
by decoupling the primal problem into two subproblems.
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y R = h 1 x1 + h 2 x 2 + n R ,

Fig. 1. A two-time slot TWR system. (a) 1-st time slot (MAC phase); (b)
2-nd time slot (BC phase).

Then, an iterative optimization algorithm is proposed for
two subproblems to jointly optimize the relay beamforming
matrix, the source transmit power and PS ratio. Finally, we
provide numerical results to evaluate the performance of the
proposed joint optimal design.
Notations: Boldface lowercase and uppercase letters denote vectors and matrices, respectively. For a square matrix
A, AT , A∗ , AH , Tr(A), Rank(A) and ||A|| denote its
transpose, conjugate, conjugate transpose, trace, rank, and
Frobenius norm, respectively. A  0 indicates that A is a
positive semideﬁnite matrix. vec(A) denotes the vectorization
operation by stacking the columns of A into a single vector
a. E(·) denotes the statistical expectation. ⊗ denotes the
Kronecker product. 0 and I denote the zero and identity
matrix, respectively. The distribution of a circular symmetric
complex Gaussian vector with mean vector x and covariance
matrix Σ is denoted by CN (x, Σ). Cx×y denotes the x × y
domain of complex matrices.
II. S YSTEM M ODEL AND P ROBLEM F ORMULATION
Consider a half-duplex TWR system where two singleantenna source nodes S1 and S2 exchange information with
each other through an N -antenna relay node, R. Speciﬁcally,
the two source nodes are powered by the energy limited batteries, i.e., the sources themselves have initial powers to support
their circuitry energy consumption and need to replenish their
energy by wireless power transfer from the relay, as shown in
Fig. 1. The channel vectors from S1 and S2 to the relay are
denoted by h1 and h2 , respectively, and the channel vectors
from the relay to S1 and S2 are denoted by g1 and g2 ,
respectively. To further improve the spectral efﬁciency, the
two-phase PS-based protocol is used to realize bidirectional
communication. Note that here, by assuming a PS ratio, ρ,
the transmit signal from the relay is used to simultaneously
achieve information and power transfer. For simplicity, we
assume that two source nodes cannot communicate with each
other directly due to large path loss or heavy shadowing. It is
assumed that each node has perfect full CSIT. In addition, we
also assume that all the channels are block-fading, i.e., the
channels remain constant during each transmission slot, but
change from one slot to another.
Based on the above system setup, the received signal at
the relay after the ﬁrst phase, i.e., the multiple access (MAC)
phase, is given by

2

(1)

where xi , for i ∈ {1, 2}, represents the transmit signal from
node Si with E(|xi |2 ) = Pi , respectively, and nR denotes the
additive complex Gaussian noise vector at the relay following
CN (0, σr2 IN ).
Upon receiving yR , the relay node performs the ampliﬁed
processing and then forwards its signal to the source nodes in
the second phase, also referred as broadcast (BC) phase. Let
the transmit signal from the relay be denoted by
xR = Wh1 x1 + Wh2 x2 + WnR + x,

(2)

where W represents the precoding matrix used at the relay.
Note that, here, we include a new signal x, which provides
us with more degrees of freedom to optimize power transfer
from relay to the source nodes [15]. In addition, we assume
that the relay node has the maximum transmit power Pr , i.e.,
Tr{E(xR xH
R )} ≤ Pr , which is equivalent to
P1 ||Wh1 ||22 + P2 ||Wh2 ||22 + Tr(Qx ) + σr2 ||W||2F ≤ Pr , (3)
where Qx = E(xxH ) is the covariance matrix of x. Then,
the radio-frequency (RF) signals, ỹi received at the two nodes
in the second T /2 time interval are given by
ỹi = giT Whi x̃i +giT Whi x̃i + giT x̃ + giT WñR + ni,d , (4)
where i = 2 if i = 1 and i = 1 if i = 2, and
2
ni,d ∼ CN (0, σi,d
) represents the additive Gaussian noise
due to the receiving antenna [9]. The received signal ỹi at
each end node is split into two portions for ID and√EH. Let
ρ ∈ (0, 1) be the power splitting ratio, meaning that 1 − ρỹi
is used for ID. As a result, after converting the received signal
to baseband and performing self-interference cancelation, the
obtained signal is denoted as

yi = 1 − ρ(giT Whi xi +giT x+giT WñR +ni,d )+ni,c , (5)
2
) is the additive Gaussian noise inwhere ni,c ∼ CN (0, σi,c
troduced by the signal conversion from RF band to baseband.
Accordingly, the SINR at the node Si is given by

SINRi =

Pi |giT Whi |2
2 +
giT Qx gi∗ + σr2 ||giT W||22 + σi,d

2
σi,c
1−ρ

.

(6)

√
Moreover, the other portion of the received signal, ρỹi , is
used for EH. Since the background noise at the EH receiver is
negligible and thus can be ignored [6], the harvested energy,
Ei during EH time T /2 is given by
ηT
ρ(|giT Whi |2 Pi + |giT Whi |2 Pi + giT Qx gi∗ ), (7)
2
where η is the energy conversion efﬁciency with 0 < η < 1
which depends on the rectiﬁcation process and the EH circuitry [6]. Note that in (7), the self-interference can be used
for EH, which is different from ID.
Our design goal is to maximize the weighted sum power
at two EH nodes, which is deﬁned as the harvested energy
Ei =
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minus the consumed energy. The corresponding optimization
problem can be formulated as
max

P1 ,P2 ,ρ,W,Qx 0

α(E1 −

P1 T
P2 T
) + β(E2 −
)
2
2

max

s.t. SINRi ≥ τi , i = 1, 2,
Pi ≤ Pmax,i , i = 1, 2,
Tr{E(xR xH
R )}

(8)

≤ Pr .

In (8), α and β correspond to the given energy weights for
the two EH receivers S1 and S2 , respectively, where a larger
weight value indicates a higher priority of transferring energy
to the corresponding EH receiver as compared to other EH
receiver. τi and Pmax,i are the minimum SINR requirement
and the maximum transmit power at node Si , respectively.
III. I TERATIVE O PTIMIZATION A LGORITHM
This section proposes an iterative algorithm to solve the
joint optimization problem (8). Our idea is to optimize a
portion of variables when the others are ﬁxed and then search
all the potential results to produce the optimal solution [16],
[17]. More speciﬁcally, in the ﬁrst step, we try to ﬁnd the
solutions of W and Qx for ﬁxed P1 , P2 and ρ values. In
the second step, we update the values of P1 , P2 and ρ by
ﬁxing the remaining parameters. Finally, we show the iterative
optimization algorithm can converge.
1) Optimize W and Qx for ﬁxed P1 , P2 and ρ: Note that
when ﬁxing P1 , P2 and ρ, the problem of optimizing variables
W and Qx is equivalent to
max

W,Qx 0

αρ(|g1T Wh2 |2 P2 + |g1T Wh1 |2 P1 + g1T Qx g1∗ )

+ βρ(|g2T Wh1 |2 P1 + |g2T Wh2 |2 P2 + g2T Qx g2∗ )
s.t. SINRi ≥ τi , i = 1, 2.
P1 ||Wh1 ||22 + P2 ||Wh2 ||22 + Tr(Qx ) + σr2 ||W||2F ≤ Pr ,
(9)
To ﬁnd the optimal solution of problem (9), we deﬁne a new
variable w = vec(W), then use the (10) identity
Tr(ABCD) = (vec(DT ))T (CT ⊗ A)vec(B).
As a result, we have |giT Whi |2 = Tr((h∗i hTi
and ||Whi ||22 = Tr((h∗i hTi ⊗I)wwH ). Then,

(10)

⊗ gi∗ giT )wwH )
H

let W̃  ww ,

(9) can be rewritten as
max

s.t.

W̃0,Qx 0
Tr(Ci1 W̃) −

Therefore, we drop the rank-one constraint to construct a
semideﬁnite programming (SDP) problem as follows

Tr(A1 W̃) + Tr(B1 Qx )
Tr(τi gi∗ giT Qx ) ≥ D1i , i = 1, 2.

Tr(E1 W̃) + Tr(Qx ) ≤ Pr ,

(11)

Rank(W̃) = 1.

(P2 h∗2 hT2 + P1 h∗1 hT1 ) ⊗ (αρg1∗ g1T +
where A1
∗ T
βρg2 g2 ), B1

(αρg1∗ g1T + βρg2∗ g2T ), Ci1

2
σi,c
∗ T
2
∗ T
i
2
(Pi hi hi − τi σr I) ⊗ gi gi , D1  (σi,d + 1−ρ )τi , and
E1  (P1 h∗1 hT1 + P2 h∗2 hT2 + σr2 I) ⊗ I. Due to the rank-one
constraint, ﬁnding the optimal solution of (11) is difﬁcult.

s.t.

W̃0,Qx 0
Tr(Ci1 W̃) −

Tr(A1 W̃) + Tr(B1 Qx )
Tr(τi gi∗ giT Qx ) ≥ D1i , i = 1, 2.

(12)

Tr(E1 W̃) + Tr(Qx ) ≤ Pr ,
Problem (12) is convex and can be solved by CVX [18].
However, the problem in (12) is equivalent to the problem
in (11) only when the problem in (12) has a rank-one optimal
solution of W̃. Consequently, we have the following lemma.
L EMMA 1. The rank-one optimal solution of the problem in
(12) always exists.
Proof: The proof is based on [19] and is omitted due to
space limitation.
By acquiring the optimal rank-one solution of (12), we can
further get the optimal solution of (9).
2) Optimize P1 , P2 and ρ for ﬁxed W and Qx : In the
second step, we need to optimize the power P1 , P2 and
the power ratio ρ with the remaining variables ﬁxed. The
corresponding optimization problem can be formulated as
P1 T
P2 T
) + β(E2 −
)
2
2
s.t. SINRi ≥ τi , i = 1, 2.
max

P1 ,P2 ,ρ

α(E1 −

P1 ||Wh1 ||22 + P2 ||Wh2 ||22 + Tr(Qx )
+ σr2 ||W||2F ≤ Pr ,

(13)

0 < Pi ≤ Pmax,i , i = 1, 2.
0 < ρ < 1,
Similar to problem (9), we apply the above transformations
in (13). As a result, the problem of optimizing the variables
P1 , P2 and ρ is equivalent to
max

P1 ,P2 ,ρ

A2 ρP2 + B2 ρP1 − αP1 − βP2 + C2 ρ (14a)

2
,
s.t. (E2 P2 − D2 )(1 − ρ) ≥ τ1 σ1,c

(G2 P1 − F2 )(1 − ρ) ≥

2
τ2 σ2,c
,

(14b)
(14c)

P1 J2 + P2 K2 ≤ Pr − L2 ,
0 < P1 ≤ Pmax,1 ,
0 < P2 ≤ Pmax,2 ,

(14d)
(14e)
(14f)

0 < ρ < 1.

(14g)

βηT
T
2
T
2
Here, A2  αηT
2 |g1 Wh2 | +
2 |g2 Wh2 | , B2 
αηT
βηT
αηT T
T
2
T
2
∗
2 |g1 Wh1 | +
2 |g2 Wh1 | , C2 
2 g1 Qx g1 +
βηT T
∗
T
∗
2
T
2
2
2 g2 Qx g2 , D2  (g1 Qx g1 + σr ||g1 W||2 + σ1,d )τ1 ,
2
E2  |g1T Wh2 |2 , F2  (g2T Qx g2∗ + σr2 ||g2T W||22 + σ2,d
)τ2 ,
T
2
2
G2  |g2 Wh1 | , J2  ||Wh1 ||2 , K2  ||Wh2 ||22 and
L2  Tr(Qx ) + σr2 ||W||2F .
Since the optimization variables P1 , P2 and ρ are coupled
in (14b), (14c) and (14d), problem (14) is still intractable.
To ﬁnd the optimal solution of (14), we give the following
lemma.
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L EMMA 2. Let {P1∗ , P2∗ , ρ∗ } denote an optimal solution
of problem (14), we have: (1) for the optimal solution
{P1∗ , P2∗ , ρ∗ }, there are at least two constraints of problem
(14) are achieved with equality; (2) the optimal solution
{P1∗ , P2∗ , ρ∗ } can be obtained in closed-form by comparing
the following eight cases:
• When the two SINR constraints (14b) and (14c) hold
with equality, the optimal solution {P1∗ , P2∗ , ρ∗ } are
given by
P1∗

=

2
τ2 σ2,c
1−ρ∗

+ F2

P2∗

,

2
τ1 σ1,c
1−ρ∗

=

G
2
a1 + a2 − a3
ρ∗ = 1 −
,
a1

•

E2

Pr − L2 − P2∗ K2
, P2∗ =
J2

b1 + b2
∗
ρ =1− −
,
J2 E2 b3

•

(15)

2
τ1 σ1,c
1−ρ∗

+ D2

E2

,
(16)

2
where
b1

(A2 J2 − B2 K2 )τ1 σ1,c
,
2
b2

(αK2 − βJ2 )τ1 σ1,c
and b3

(Pr E2 −L2 E2 −D2 K2 )B2 +(A2 D2 +C2 E2 )J2
.
J2 E 2
When the constraints (14b) and (14e) hold with equality,
the optimal solution {P1∗ , P2∗ , ρ∗ } are given by

=

Pmax,1 , P2∗

=

2
τ1 σ1,c
1−ρ∗

+ D2

E2


, ρ∗ = 1 −

c2 − c1
,
E2 c3
(17)

2
2
where c1  A2 τ1 σ1,c
, c2  βτ1 σ1,c
and c3 
A2 D2 +B2 E2 Pmax,1 +C2 E2
.
E2
When the constraints (14c) and (14d) hold with equality,
the optimal solution {P1∗ , P2∗ , ρ∗ } are given by

P1∗ =

2
τ2 σ2,c
1−ρ∗

+ F2

G
2

ρ∗ = 1 −

•

•

,

where a1  −(A2 D2 G2 + B2 E2 F2 + C2 E2 G2 ),
2
2
a2  A2 E2 τ1 σ1,c
+ B2 E2 τ2 σ2,c
+ A2 D2 G2 and a3 
2
2
αE2 τ2 σ2,c + βG2 τ1 σ1,c .
When the constraints (14b) and (14d) hold with equality,
the optimal solution {P1∗ , P2∗ , ρ∗ } are given by

P1∗

−

,

P2∗ =

d1 + d2
,
K2 G2 d3

Pr − L2 − P1∗ J2
,
K2
(18)

2
where
d1

(B2 K2 − A2 J2 )τ2 σ2,c
,
2
d2

(βJ2 − αK2 )τ2 σ2,c and d3

(Pr G2 −L2 G2 −F2 J2 )A2 +(B2 F2 +C2 G2 )K2
.
G2 K2
When the constraints (14c) and (14f) hold with equality,
the optimal solution {P1∗ , P2∗ , ρ∗ } are given by

P1∗

=

2
τ2 σ2,c
1−ρ∗

+ F2

G2


, P2∗

Pr − L2 − J2 Pmax,1
,
K2
(20)
2
2
τ1 σ1,c
τ2 σ2,c
,
1
−
},
ρ∗ = min{1 −
E2 P2∗ − D2
G2 P1∗ − F2
When the constraints (14d) and (14f) hold with equality,
the optimal solution {P1∗ , P2∗ , ρ∗ } are given by
P1∗ = Pmax,1 ,

P2∗ =

Pr − L2 − K2 Pmax,2
, P2∗ = Pmax,2 ,
J2
(21)
2
2
τ1 σ1,c
τ2 σ2,c
,
1
−
},
ρ∗ = min{1 −
E2 P2∗ − D2
G2 P1∗ − F2
When the constraints (14e) and (14f) hold with equality,
the optimal solution {P1∗ , P2∗ , ρ∗ } are given by
P1∗ =

P1∗ =

•

+ D2

•

2
2
, e2  ατ2 σ2,c
and e3 
where e1  B2 τ2 σ2,c
B2 F2 +A2 G2 Pmax,2 +C2 G2
.
G2
When the two transmit power constraints (14d) and (14e)
hold with equality, the optimal solution {P1∗ , P2∗ , ρ∗ }
are given by

∗

= Pmax,2 , ρ = 1 −

e2 − e1
,
G2 e3
(19)

•

P1∗ = Pmax,1 ,

P2∗ = Pmax,2 ,
2
2
(22)
τ1 σ1,c
τ2 σ2,c
ρ∗ = min{1 −
,1 −
}.
∗
∗
E2 P2 − D2
G2 P1 − F2
Proof: Due to space limitation, please refer to [20] for
the omitted proof of this lemma.
We compare all objective function values by substituting
(15)∼(22) into (14a) and select one {P1∗ , P2∗ , ρ∗ } as the
optimal solution, if they lead to the greatest value of the
objective function f (ρ∗ ).
3) Convergence of the Iterative Algorithm
By combining the solution processes in steps 1) and 2), the
optimal design for AF strategy can be achieved. For clarity,
the detailed procedure of the iterative optimization algorithm
is listed in Table I.
L EMMA 3. The proposed iterative algorithm listed in Table I
converges.
Proof:
Since the optimal closed-form solutions
{W, Qx } and {P1 , P2 , ρ} can be obtained separately by steps
4 and 5 in Table I at each iteration, i.e., maximizing the
objective function of problem (8), the algorithm in Table I
leads to the fact that the weighted sum power E l is monotonically nondecreasing in the iterating process. Additionally, the
constraints of problem (8) are bounded. Hence, the objective
function of problem (8) is bounded as well. Therefore, we
conclude that the iterative optimization algorithm converges
based on the monotonicity and boundedness guarantee [17],
[21].
IV. S IMULATION RESULTS
In this section, we numerically evaluate the performance of
the proposed energy harvesting scheme. The channel vector
hi and gi are set to be Rayleigh fading. The channel gain
is modeled by the distance path loss model [15], given as
gi,j = c · d−n
i,j , where c is an attenuation constant set as 1, n
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TABLE I
T HE PROPOSED ITERATIVE ALGORITHM
1:
2:
3:
4:
5:
6:
7:
8:
9:
10:

Set Lmax = 1000 (maximum number of iterations); l = 0;
l
l
ε = 10−5 (convergence tolerance); Edif
f = 1000; E0 = 0.
Initialize P1 = Pmax,1 , P2 = Pmax,2 and ρ = 0.5.
l
While Edif
f ≥ ε and l < Lmax do.
Calculate W̃ and Qx of problem (12) by CVX [18], then get the
optimal {W, Qx } of (9) by using eigenvalue decomposition (EVD).
Calculate P1 , P2 and ρ of problem (14) by substituting (15)∼(22)
into (14a).
Calculate the corresponding E1l and E2l by (7) and let the weighted
sum power E l = α(E1l − P12T ) + β(E2l − P22T ).
l
l
l
Edif
f = |E0 − E |.
E0l = E l .
l = l + 1.
Until convergence.

is the path loss exponent and ﬁxed at 3, and di,j denotes the
distance between nodes i and j. For simplicity, we assume
that the noise power at all the destinations are the same, i.e.,
2
2
σi,c
= σi,d
= σr2 = σ 2 = 1 W, ∀i, and η = 50%, T = 1 s.
Moreover, the maximum transmit powers at the two sources,
if not speciﬁed, are set as Pmax,1 = Pmax,2 = Pmax =
1.25 W. In all simulations, the weighted sum power of the
relay network is computed by using 1000 randomly generated
channel realizations.
In Fig. 2, we ﬁrst present the harvested energy for AF
relaying strategy at different distance of two sources when the
relay node is equipped with N = 4 transmit antennas. From
simulation results, illustrated in Fig. 2(a), when the distances
of the two source nodes are symmetric, we ﬁnd that if S1 and
S2 have the same priority, i.e., α = β = 0.5, the two nodes
can achieve a fair energy efﬁciency. When S1 and S2 have
different priorities, i.e., α = 0.8 and β = 0.2, node S1 can
harvest more energy since its energy weight factor is set to a
larger value. However, it is noted that in asymmetric scenario,
in Fig. 2(b), although two source nodes S1 and S2 have same
priority, the node S2 still harvests much lower energy. The
main reason is that the location of S2 is far away from the
relay node R, which could result in very small channel gain
as compared to the near node. This coupled effect is referred
to as the doubly-near-far problem [2]. However, when with
higher priority, i.e., β = 0.9, we ﬁnd that node S2 can share
more energy for the harvested total energy, which can provide
an effective solution to the doubly-near-far problem.
Secondly, in Fig. 3, we compare the proposed joint optimization scheme with the other two schemes, i.e., only
precoding scheme and only power allocation scheme. From
simulation results, we ﬁnd that the joint optimization scheme
achieves the best performance as it uses the degrees of the
freedom of both power, PS ratio allocation and precoding. It
is worth noting that when the relay transmit power is low,
the proposed joint optimization scheme achieves lower the
harvested energy than the only power allocation scheme then
outperforms the latter as Pr increases. This is because the joint
optimization scheme can always use the maximum available
relay transmit power to improve the total harvested energy.
Finally, in Figs. 4 and 5, we illustrate the harvested

(a)

(b)
Fig. 2. Performance comparison with different priority at source nodes.
(a) Symmetric case, dR,S1 = dR,S2 = 5 meters. (b) Asymmetric case,
dR,S1 = 5 meters and dR,S2 = 10 meters.

Fig. 3. Performance comparison with different schemes at α = β = 0.5,
dR,S1 = dR,S2 = 5 and N = 4.

energy for different sources transmit power and the number of
antennas at relay. From Fig. 4, we ﬁnd that the performance
of the proposed scheme with Pmax,1 = Pmax,2 = 2 W is not
outperforms the case with Pmax,1 = Pmax,2 = 1.25 W. The
main reason is that unlike the relay, two sources need to adjust
its transmit power rather than using full power. From Fig. 5,
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Fig. 4. Performance comparison with different transmit power at sources
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TWR SWIPT systems in practice.
V. C ONCLUSIONS
This paper has studied the joint beamforming and PS design
problem for SWIPT in AF-based TWR network. The weighted
sum power at two source nodes was maximized subject
to given SINR constraints at source nodes and transmitted
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strategy, the design problem is formulated as nonconvex
quadratically constrained problem, which is decoupled into
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suitable optimization tools. The performance was compared
and some practical implementation issues were discussed.
Numerical results veriﬁed the effectiveness of the proposed
jointly designs.
ACKNOWLEDGEMENTS
This work is supported by the National Natural Science
Foundation of China under grant 61401313, 61371113, the

[1] S. Ulukus, A. Yener, E. Erkip, O. Simeone, M. Zorzi, P. Grover, and
K. Huang, “Energy Harvesting Wireless Communications: A Review
of Recent Advances,” IEEE J. Sel. Areas Commun., vol. 33, no. 3, pp.
360–381, Mar. 2015.
[2] S. Bi, C. K. Ho, and R. Zhang, “Wireless powered communication:
opportunities and challenges,” IEEE Commun. Mag., vol. 53, no. 4, pp.
117–125, Apr. 2015.
[3] L. R. Varshney, “Transporting information and energy simultaneously,”
in Proc. IEEE Int. Symp. Inf. Theory (ISIT), Jul. 2008, pp. 1612–1616.
[4] P. Grover and A. Sahai, “Shannon meets tesla: Wireless information
and power transfer,” in Proc. IEEE Int. Symp. Inf. Theory (ISIT), Jun.
2010, pp. 2363–2367.
[5] L. Liu, R. Zhang, and K. C. Chua, “Wireless information transfer with
opportunistic energy harvesting,” IEEE Trans. Wireless Commun., vol.
12, no. 1, pp. 288–300, Jan. 2013.
[6] R. Zhang and C. Ho, “MIMO broadcasting for simultaneous wireless
information and power transfer,” IEEE Trans. Wireless Commun., vol.
12, no. 5, pp. 1989–2001, May. 2013.
[7] Q. J. Shi, L. Liu, W. Q. Xu and R Zhang, “Joint Transmit Beamforming
and Receive Power Splitting for MISO SWIPT Systems,” IEEE Trans.
Wireless Commun., vol. 13, no. 6, pp. 3269–3280, Jun. 2014.
[8] I. Krikidis, S. Timotheou, and S. Sasaki, “RF energy transfer for
cooperative networks: Data relaying or energy harvesting?,” IEEE
Commun. Lett., vol. 16, no. 11, pp. 1772–1775, Nov. 2012.
[9] A. A. Nasir, X Zhou, S. Durrani and R. A. Kennedy, “Relaying Protocols
for Wireless Energy Harvesting and Information Processing,” IEEE
Trans. Wireless Commun., vol. 12, no. 7, pp. 3622–3636, Jul. 2013.
[10] B. Gurakan, O. Ozel, J. Yang and S. Ulukus, “Energy Cooperation in
Energy Harvesting Communications,” IEEE Trans. Commun., vol. 61,
no. 12, pp. 4884–4898, Dec. 2013.
[11] Y. Zeng and R Zhang, “Full-Duplex Wireless-Powered Relay With SelfEnergy Recycling,” IEEE Wireless Commun. Lett., vol. 4, no. 2, pp.
201–204, Apr. 2015.
[12] Z. Chen, B. Xia and H Liu, “Wireless information and power transfer in
two-way amplify-and-forward relaying channels,” in Proc. IEEE Global
SIP., Dec. 2014, pp. 168–172.
[13] D. Li, C. Shen, and Z. Qiu, “Two-way relay beamforming for sum-rate
maximization and energy harvesting,” in Proc. IEEE ICC., Jun. 2013,
pp. 3155–3120.
[14] Q. Li, Q. Zhang and J. Qin, “Beamforming in Non-Regenerative
Two-Way Multi-Antenna Relay Networks for Simultaneous Wireless
Information and Power Transfer,” IEEE Trans. Wireless Commun., vol.
13, no. 10, pp. 5509–5520, Oct. 2014.
[15] R. Wang, M. Tao, and Y. Liu, “Optimal linear transceiver designs for
cognitive two-way relay networks,” IEEE Trans. Signal Process., vol.
61, no. 4, pp. 992–1005, Feb. 2013.
[16] G. Zheng, “Joint beamforming optimization and power control for fullduplex MIMO two-way relay channel, ” IEEE Trans. Signal Process.,
vol. 63, no. 3, pp. 555–566, Feb. 2015.
[17] Y. Huang and B. Clerckx, “Relaying strategies for wireless-powered
MIMO relay networks, ” IEEE Trans. Wireless Commun., pp. 1–14.
DOI 10.1109/TWC.2016.2577581
[18] M. Grant and S. Boyd, CVX: Matlab Software for Disciplined Convex
Programming, Jul. 2010 [Online]. Available: http://cvxr.com/cvx.
[19] Y. Huang and D. P. Palomar, “Rank-Constrained Separable Semideﬁnite Programming With Applications to Optimal Beamforming,” IEEE
Trans. Signal Process., vol. 58, no. 2, pp. 664–678, Feb. 2010.
[20] W. Wang, R. Wang and H Mehrpouyan, “Beamforming for simultaneous
wireless information and power transfer in two-way relay channels,”
Available: http://arxiv.org/abs/1604.04021.
[21] H. Chen, G. Li, and J. Cai, “Spectral-energy efﬁciency tradeoff in
full-duplex two-way relay networks, ” IEEE Syst. J., pp.1–10. DOI:
10.1109/JSYST.2015.2464238.

